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Introduction

• both classification task 
• sharing the same dataset
• The dataset is multilingual. 
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example_id esci_label substitute_label

example_1 exact no_substitute

example_2 substitute substitute

example_3 complement no_substitute

example_4 irrelevant no_substitute

We present our solution on task2 and task3 of KDD Cup 2022 ESCI 
Challenge for Improving Product Search. 



Model Architechture

• Data preprocess
• Infoxlm-large as backbone
• Consistency loss
• Context Enhancement 
• Same backbone, different 

GBDT heads
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Training Strategies

• Dataset split

- merge datasets of task1 and task2
- extract dev set only task2
- data resampling
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Training Strategies

• Domain Adaptive Pretraining (DAPT)

- single query
- single product title
- query-product pair labeled exact
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Training Strategies

Amazon KDD CUP’22

• Consistency Learning

- original cross entropy loss:

- consistency loss:

- final loss:



Training Strategies
• Utilization of Adjacent Products 
- classify target product with adjacent products under the same query
- the input of infoxlm is like:

[CLS] query [SEP] target product title [SEP] product1;product2;…;[SEP]

• different number of adjacent products
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Training Strategies

• Ensemble
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Training Strategies
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• Inference Optimization

- fp16
- onnxruntime



Results

• Final ensemble score
- 0.8251 rank 4th on task2
- 0.8734 rank 4th on task3
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Conclusion

• A domain adaptive pretrained model which can capture the 
correlation effectively between a query and a product. 
• We proposed to take the adjacent products of the target product 

as an important feature to provide context information
• Using consistency learning techniques like R-Drop to improve 

model robustness. 
• Other positive strategies such as data resampling and model 

ensemble
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